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More People Using AI Agents for Work

“How AI is transforming work at Anthropic.” 2025.



Agent Automation Doubles Every 7 Months

METR. "Measuring AI Ability to Complete Long Software Tasks." 2025



Producing Both Technical and Societal Challenges



The Reality Check: What Agents Can or Cannot Do?The Reality Check: What Agents Can or Cannot Do?
AI Agents Performing Well on Benchmarks



GPT6 Astra. https://openai.com/index/gpt-6-astra/ 

The Reality Check: What Agents Can or Cannot Do?The Reality Check: What Agents Can or Cannot Do?
AI Agents Smooth in Computer-Use Activities

https://openai.com/index/gpt-6-astra/
https://docs.google.com/file/d/1Gjv9-ScEw_PpQzHB3KCOJVjZtwUMi47X/preview


The Reality Check: What Agents Can or Cannot Do?
Agents Struggle with Real-World Tasks

Remote Labor Index: Measuring AI Automation of Remote Work. 2025



Over-centralized to 
Computer and 
Mathematical

Zora Wang, et al.. "How Well Does AI Agents Reflect Real-World Work?" 2026

The Reality Check: What Agents Can or Cannot Do?
Misaligned Agent Development with Human Work

Only takes 5% of 
human employment



The Reality Check: What Agents Can or Cannot Do?
Agents Fail to Collaborate with Humans

Zora Wang, John Yang, Kilian Lieret, et al.. "Humans Are Missing from AI Coding Agent Research" 2026
Yijia Shao, et al. “CollabSkill: Evaluating Human-Agent Collaboration On Real-World Tasks.” 2026
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The Reality Check: What Agents Can or Cannot Do?
Agents Struggle to Fit Human Workflows

NANDA, MIT. "State of AI in Business 2025." 2025



People Use AI Agents for a Small Portion of Work

“How AI is transforming work at Anthropic.” 2025.



Fair Automation Measure? Desired Success Rate?

METR. "Measuring AI Ability to Complete Long Software Tasks." 2025



The Society Reacts in Different Ways



The Reality Check: Both Promises and Issues in Agents

● How did we make agents capable for work?
○ Tasks, environments, and evaluation
○ What we still need to work on

● But capable agents are not enough
● The future of human work with agents



How Did We Make Agents Capable?



Main Components: Environment, Task, Evaluation

Environment

Task

✓  Document states the 
importance of privacy
✗   Document references 
relevant literature from … 
… …

Evaluation



Main Components: Environment, Task, Evaluation

Environment

Task

✓  Document states the 
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relevant literature from … 
… …

Evaluation



The O*NET Database for U.S. Occupations

Each job is a 
collection of 
tasks



Tasks: Expert Annotation for U.S. Jobs

Hire industry 
professionals

Average 14 years of 
experience

44 jobs across top-9 
sections contributing 
to U.S. GDP (220 
tasks)

Note: Thousands of 
jobs in O*NET

Tejal Patwardhan, et al. “GDPval: Evaluating AI Model Performance on Real-World Economically Valuable Tasks.” 2025.



Tasks: Expert Annotation for Remote Labor Markets

O*NET has limitations

Remote labor markets: long 
tail work

Hired 358 freelancers to 
source tasks 

240 projects covering 23/64 
Upwork categories

Mantas Mazeika, et al. "Remote Labor Index: Measuring AI Automation of Remote Work". 2025



Tasks: Automating Tasks that Align with Human Will

● Human want to do: polish a position piece
● Human don’t want to do: clean large volume of data

Yuetai Li, et al., "JobBench: Aligning Agent Work with Human Will". 2026



Task: Automatic Collection of Human Activities

22.5K traces

● 12K windows
● 5K mac
● 5K ubuntu

Non-intrusive

Privacy 
concern

Hard to unveil 
user intent

Wang, Xinyuan, et al. "OpenCUA: Open Foundations for Computer-Use Agents." 2025.



Tasks: Agent-Powered Synthesis (for Training)

Web Browsing: Agent exploring the web environments to create and solve tasks

Murty, Shikhar, et al. "Bagel: Bootstrapping agents by guiding exploration with language." 2024
NNetNav: Unsupervised Learning of Browser Agents Through Environment Interaction in the Wild



Many Benchmarks Lack Construct Validity

Definition (Construct Validity). The degree to which a benchmark score provides 
evidence for making claims about the target phenomenon.

Bean et al., "Measuring What Matters: Construct Validity in Large Language Model Benchmarks". 2025



Over-centralized to 
Computer and 
Mathematical

Zora Wang, et al.. "How Well Does AI Agents Reflect Real-World Work?" 2026

Most Benchmarks Don’t Measure What Matters

Only takes 5% of 
human employment



Main Components: Environment, Task, Evaluation

Environment

Task

✓  Document states the 
importance of privacy
✗   Document references 
relevant literature from … 
… …

Evaluation



Environment: Manually Deploy Open-Source Software

Open-source versions of target software, for reproducibility

Xu et al., "TheAgentCompany: Benchmarking LLM Agents on Consequential Real World Tasks". 2024



Automatically Deploy Open-Source Software

GDP-grounded software selection

Automatic download with coding agents

Aggarwal et al., "Gym-Anything: Turn Any Software into an Agent Environment". 2026



Loading Data into Environment

Approaches

● Scrape real data (TAC, WebArena)

Scrape GitHub data, pour into self-hosted 
GitLab environment

● Synthesize (Gym-Anything)

Desired Properties

● Realistic: match real-world 
human worker activities

● Diverse: cover different jobs
● Difficult: long-horizon tasks, 

distracting data



File-Centric Environments

Construct data files in the codebase/directory

With necessary library packaging

Merrill et al., "Terminal-Bench: Benchmarking Agents on Hard, Realistic Tasks in Command Line Interfaces". 2026



Environment: Issues in Limited-Sourced Software



Environment: Issues in Limited Access to Realistic Data



Main Components: Environment, Task, Evaluation

Environment

Task

✓  Document states the 
importance of privacy
✗   Document references 
relevant literature from … 
… …

Evaluation



Evaluation: The Spectrum of Human Work

Verifiable Fuzzy

Solving 
GitHub 
Issue

Data 
Cleaning & 

Analysis

Interior 
Design



Evaluation: Execution for “Verifiable” Tasks

John Yang, et al.. "SWE-bench: Can Language Models Resolve Real-World GitHub Issues?" 2023



Evaluation: For Open-Ended Human Work

Verifiable Fuzzy

Solving 
GitHub 
Issue

Data 
Cleaning & 

Analysis

Interior 
Design

Most Human Work



Execution Doesn’t Work for Open-Ended Tasks

Limited to rule-based checks, impossible for advance semantic measures

Frank Xu, et al.. "TheAgentCompany: Benchmarking LLM Agents on Consequential Real World Tasks". 2024



Human-expert annotated rubrics

(actual list much longer than this)

LLM-as-a-Judge with Rubrics

Tejal Patwardhan, et al. “GDPval: Evaluating AI Model Performance on Real-World Economically Valuable Tasks.” 2025.



Using LLMs to Generate Rubrics

Requires

Careful prompting, 
better multi-faceted

Manual validation

Yijia Shao, et al. “CollabSkill: Evaluating Human-Agent Collaboration On Real-World Tasks.” 2026



Evolving Rubrics Powered by LMs (mostly for training)

Generate harder rubrics by contrasting agent rollouts

Continually providing new learning signals for agents

Rulin Shao, et al. “DR Tulu: Reinforcement Learning with Evolving Rubrics for Deep Research.” 2025



Evolving Rubrics from Human Interaction Signals

Transforming human-agent interaction signals into gradable rubrics

Zora Wang, et al. “Efficient Test-Time Adaptation through Human-AI Interaction.” 2026



Eval Challenge: LLM-as-a-Judge Scales but is Biased

Many other 
issues:

● Random 
LM outputs

● Poor visual 
judgment

● … …

Jos´e Pombal, et al., "Self-Preference Bias in Rubric-Based Evaluation of Large Language Models". 2026



Eval Challenge: Hard to Come Up with Perfect Rubrics

Still model and user specific

Zora Wang, et al., "Efficient Test-Time Adaptation through Human-Agent Interaction". 2026



Benchmark-Based Evaluation: Reliability, Drift and Cost 

● Evaluation is expensive and a moving target

"Why SWE-bench Verified no longer measures frontier coding capabilities". 2026



Benchmark-Based Evaluation: Reliability, Drift and Cost 

● Evaluation is expensive and a 
moving target

 

● Static benchmark 
contaminate and saturate
○ LiveCodeBench

Naman Jain, et al. "LiveCodeBench: Holistic and Contamination Free Evaluation of Large Language Models for Code". 2024



Capable Agents Are Not Enough
for Human Work



Human-Agent Interaction Under Various Modes

Yijia Shao, et al. "Future of Work with AI Agents: Auditing Automation and Augmentation Potential across the US Workforce." 2025



Collaboration & Interaction with Humans

Allowing user control and steering at task execution time

Faria Huq, et al. "CowPilot: A Framework for Autonomous and Human-Agent Collaborative Web Navigation." 2025



Automatically Identify & Adapt to User Interaction Mode

Train agents to be 
aware of 

● user interaction
● their own 

autonomy levels

Faria Huq*, Zora Wang*, et al. "Modeling Distinct Human Interactions in Web Agents." 2026



Agents Can Be Very Inefficient

Huge redundancy in agentic systems

● Esp. multi-agents

"On the Navier–Stokes Millennium Prize Problem." OpenAI. 2026
Seungone Kim, et al., “Into the Unknown: Benchmarking AI agents on open scientific research problems.” 2026



Privacy, Safety, Security, and More

https://docs.google.com/file/d/1pqfG37y6gdyscgM1PezqiWE-0C-lq5CG/preview


Static Benchmarking May Not Work for Agent Safety

● Many safety issues need to 
be empirically found

over 2x more safety 
benchmarks now!

Sanidhya Vijayvargiya, et al., "OpenAgentSafety: A Comprehensive Framework for Evaluating Real-World AI Agent Safety." 2025
Jaylen Jones, et al. "When Benign Inputs Lead to Severe Harms: Eliciting Unsafe Unintended Behaviors of Computer-Use Agents." 2026



Agents Are Automating Away Humans’ Joy at Work

Ranjit, et al. "Are We Automating the Joy Out of Work? Designing AI to Augment Work, Not Meaning." 2026



Future of Work with AI Agents



AI Continue to Impact Labor Market

~80% of the U.S. workforce could have at least 10% of their work tasks affected 

Most affected tasks: writing and programming.

Higher-income jobs (e.g., translators, tax consultants, and web designers) 
potentially face greater exposure



Somehow AI is Take Away Humans’ Jobs



Automation Is Not All About Replacement

Many imperfect places in human work

Human expressed automation desire in 
46% of occupational tasks

Yijia Shao, et al. "Future of Work with AI Agents: Auditing Automation and Augmentation Potential across the US Workforce." 2025

Many tasks with high 
automation desire but 
limited AI development



Human Work is Not a Fixed, Finite Set

Daron Acemoglu and Pascual Restrepo. "Automation and New Tasks: How Technology Displaces and Reinstates". Journal of Economic Perspectives. 2019



Human Work Will Change

● Some tasks will be automated, 
related skills will de-value

● Humans need to be adaptive



Human Work Will Change, and Early-Career Workers 
May Be Less Fortunate

● Some tasks will be automated, 
related skills will de-value

● Humans need to be adaptive
● Human motivation and 

judgment become more 
important 

Changes in early-career 
employment by AI exposure

Erik Brynjolfsson, Bharat Chandar, Ruyu Chen. "Canaries in the Coal Mine? Six Facts about the Recent Employment Effects of Artificial Intelligence." 2025



Human Work is Part of Training and Learning



AI Agents
for Human Work

● The reality check: what agents cannot do
● How we made agents capable at work
● Beyond capability, and future of work


